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The Ultimate Guide to AI 
Implementation: From 
Strategy to Execution 
Introduction 
Artificial Intelligence (AI) is revolutionizing how businesses operate, offering 
the potential to automate tasks, uncover insights, and drive innovation. 
Companies across industries are investing in AI to enhance efficiency, 
improve decision-making, and unlock new opportunities for growth. 
Yet amidst the excitement, many AI initiatives fall short of expectations. In 
fact, studies reveal a “shocking truth” - around 70–80% of AI projects fail. 
These failures often come from lack of clear strategy, poor data readiness, or 
misalignment with business goals. 

Why is a structured approach so critical? Implementing AI is not as simple as 
installing software; it’s a journey that spans from upfront planning to long-
term maintenance. Organizations that dive in without a roadmap risk pilot 
projects that “crash and burn” or never deliver real value. A well-defined AI 
implementation journey - from strategy, to data preparation, to execution 
and scaling - helps ensure that AI initiatives stay aligned with business 
objectives and achieve tangible outcomes. This comprehensive guide will 
walk you through each stage of that journey, providing strategic insights, 
best practices, templates, and real-world examples. By following a structured 
approach, businesses can avoid common pitfalls and confidently harness AI’s 
transformative potential. Many organizations begin their AI journey with 
collaborative brainstorming sessions to identify high-impact opportunities. By 
taking the time to define a clear strategy up front, gaining executive buy-in, 
and preparing the data and technology foundations, companies dramatically 
increase their chances of success. In the pages ahead, we’ll detail how to build 
an AI strategy aligned to your goals, ready your data and infrastructure, 
manage AI projects with agile methods, integrate AI into existing workflows, 
and continually improve and scale your solutions. With the right preparation 
and mindset, AI can become a strategic enabler for your organization 
rather than just a buzzword. 



 
 

 

Chapter 1: Building an AI Strategy 
Implementing AI successfully starts with a solid strategy. Too often, 
companies rush into AI without a clear purpose. In this chapter, we focus on 
laying the strategic groundwork: identifying high-impact use cases, setting 
business-aligned objectives, and securing the sponsorship needed to turn 
plans into reality. 

Identifying High-Impact AI Use Cases: Begin by pinpointing where AI can 
deliver the most value in your organization. Rather than chasing hype, look 
for demand-driven opportunities where AI can solve real pain points or 
enhance important workflows. For example, in ServiceNow environments 
common high-impact use cases include: automatically triaging IT support 
tickets to speed up incident resolution, using AI to route HR cases and suggest 
knowledge base answers, analyzing past customer inquiries to improve 
service, or detecting patterns in operations data for preventive maintenance. 
Engage domain experts to “mine” your internal processes and data - analyze 
service desk logs, customer feedback, and repetitive manual tasks to uncover 
scenarios where AI could make a measurable difference. Keep an eye on 
industry trends as well. As new AI capabilities (e.g. agentics, advanced 
language models or multi-modal AI) emerge, continuously scan for new 
use case opportunities that these technologies unlock. The goal is to build 
a list of potential AI projects grounded in business demand and feasibility. 

Aligning AI Initiatives with Business Objectives: Once you have 
candidate use cases, evaluate and prioritize them based on their business 
impact. Every AI project should tie into clear business objectives or Key 
Performance Indicators (KPIs). For example, if the objective is to reduce IT 
service costs by 20%, a high-impact use case might be automating 
resolution note generation, it doesn’t necessarily have to be a fully automated 
AI agent that handles Level-1 support tickets. Define what success looks like: 
whether it’s faster cycle times, higher customer satisfaction, increased 
revenue, or improved compliance, AI initiatives must be guided by 
tangible goals. This alignment not only justifies the investment but also 
gives the project a “north star” for design and measurement. In practice, this 
means creating a simple AI Project Charter for each use case that captures: 
the business problem to solve, how AI will solve it, the expected benefits/ROI, 



 
 

and the metrics to track. When AI efforts support the company’s strategic 
goals (for example, improving customer experience or operational efficiency), 
it’s easier to secure buy-in and resources, and to evaluate success in business 
terms rather than just technical performance. 

Gaining Executive Sponsorship and Stakeholder Buy-In: AI projects 
often require change across many parts of the business, from process changes 
to new technology adoption, so strong sponsorship is crucial. Identify an 
executive sponsor who believes in the project and will champion it from start 
to finish. This person should be responsible for tying the AI initiative to the 
broader business strategy and ensuring it gets the necessary support. AI-
driven business transformation needs deliberate, strategic leadership, and the 
business leader should articulate a vision for how AI will create a 
“win-win” for the business and employees. In other words, leadership 
must plan not just for the AI technology, but also for how roles and workflows 
will evolve when AI takes on certain tasks (e.g. freeing staff to focus on 
higher-value work). 

In addition to an executive sponsor, involve key stakeholders across IT and 
the business early on. Successful AI projects typically integrate input from 
business process owners, end users, data experts, and IT teams. Bring these 
stakeholders into a working group to refine use cases and requirements. Their 
early involvement fosters buy-in and prevents the AI team from operating in 
a silo. In fact, in many AI initiatives, achieving user adoption is more 
challenging than providing the technical solution. By engaging end-
users and subject matter experts from the beginning, you not only capture 
valuable domain knowledge for designing the AI solution, but also help future 
users feel ownership of the outcome. They can provide clarity on how their 
manual workflows operate and what pitfalls the AI needs to avoid. This 
human-centric approach to AI design greatly increases the odds that the 
solution will be embraced when deployed. 

Defining AI Project Goals (Worksheets & Templates): To ensure clarity, 
it’s helpful to formalize the goals and parameters of your AI project in writing. 
Consider creating a simple worksheet or template that teams can fill out for 
each proposed AI use case. This document acts as a project blueprint, 
forcing you to answer key questions upfront. For example, a Project Goals 
Template might include: 



 
 

• Use Case Name: What is the AI solution called, and what process or 
problem is it addressing? 

• Business Problem & Objective: A brief description of the problem 
(e.g. “High volume of Tier-1 IT tickets slows response times”) and the 
specific business goal (e.g. “Resolve 50% of Tier-1 issues via AI virtual 
agent to improve IT support productivity”). 

• Success Metrics: How will you measure success? List quantifiable KPIs 
or targets (for example: “Average resolution time reduced from 4 hours 
to 1 hour”; “Customer satisfaction (CSAT) for support +10% after AI 
deployment”). Ensure these metrics link to the business objective. 

• Scope and Constraints: What data will the AI use? Which departments 
or users are in scope initially? Note any constraints like regulatory 
requirements or technical limitations. 

• Stakeholders & Team: Who is the executive sponsor? Project lead? 
Key team members (ServiceNow developer, process owner, IT etc.)? 
Who are the end-users or customer segments impacted? 

• Timeline & Milestones: High-level phases such as design, POC, pilot, 
and rollout with target dates. This helps set realistic expectations for 
how quickly value can be realized. 

By filling out such a template, the team crystallizes the purpose and 
parameters of the AI project. It acts as a reference that keeps everyone 
aligned. Additionally, having a documented goal sheet makes it easier to 
communicate the project’s value proposition to executives and to evaluate 
later whether the project delivered on its promise. Many organizations also 
require new AI initiatives to go through a formal approval process for 
oversight. A well-defined project proposal (with clear objectives, scope, and 
ROI) will smooth the path to approval and funding. 

Before moving to the next phase, you should have a prioritized list of AI use 
cases with clear objectives and support from stakeholders. This strategic 
foundation is vital, it ensures that your AI implementation efforts begin with 
the right focus and organizational momentum. With everyone agreeing on the 
“why” and “what” of the AI initiative, you can now turn to assessing data 
readiness and technology requirements to support the vision. 

 



 
 

 

Chapter 2: Data Readiness and Technology 
With a strategy in place, the next step is preparing the data and technical 
infrastructure that will power your AI solutions. AI is fueled by data, without 
sufficient quality data, even the best algorithms will fail to deliver useful 
results. Additionally, deploying AI requires the right platforms and governance 
to ensure security and compliance. In this chapter, we cover how to assess 
and prepare your data, choose the appropriate technology environment, and 
address security, governance, and bias considerations before deployment 
begins. 

Assessing and Preparing Data for AI: Start by evaluating the data you 
have in the context of the AI use cases you identified. AI use cases will 
impose specific requirements on data availability and quality. It’s wise 
to perform a comprehensive data audit to understand what relevant data 
exists, where it lives, and its condition. For example, if your AI project is 
focused on IT ticket triage, you’ll need historical incident records, incident 
categories, resolutions, etc., probably from your ServiceNow ITSM module and 
related systems. Conduct a data inventory assessment: list out all datasets 
(ServiceNow tables, external databases, spreadsheets, etc.) that might feed 
the AI. For each, determine the source and ensure it’s from a reliable system 
of record (e.g. your production ServiceNow instance, not some unofficial data 
dump). 

Next, gauge data readiness. Are the necessary data fields populated and 
accessible? Check if important data is siloed in disparate systems. If so, plan 
integrations and data pipelines to bring it together. A quick readiness checklist 
can be helpful, covering questions like: Do we know who owns each dataset? 
Do relevant teams have access to the data they need? Are there known data 
silos or gaps? Answering these will highlight any preparatory steps such as 
obtaining data access approvals, consolidating databases, or addressing silos 
through integration. The outcome of this assessment is a clear map of your 
available data sources and an evaluation of how suitable they are for AI 
consumption (in terms of completeness, quality, and accessibility). 

Once data sources are identified, focus on data quality and completeness. 
The old saying “garbage in, garbage out” holds especially true for AI. No 
amount of fancy modelling can compensate for severely flawed data. Perform 



 
 

data profiling on key datasets to detect issues: find missing values, incorrect 
formats, duplicates, outliers, etc. If your customer service logs have 
inconsistent category labels or your HR case data is missing fields, you’ll need 
to fix that before using it for AI. It’s often useful to involve Data Stewards 
at this stage. In ServiceNow contexts, a Data/AI Steward is responsible for 
managing the platform’s data assets and ensuring their quality and ethical 
use. They can help enforce data quality standards or write scripts to clean 
data (for example, standardizing values or merging duplicate records). 
Establish validation mechanisms as well: set up automated checks for 
common quality problems (e.g. flag tickets with null priority or locations with 
invalid codes). Define acceptable thresholds for data completeness and 
correctness, and decide on remediation steps if those thresholds aren’t met. 
In cases of missing data, consider whether you can supplement it. Sometimes 
data augmentation techniques or external datasets can fill gaps, though in 
many scenarios this might be limited. The end goal is to assemble clean, 
reliable datasets that meet the minimum standards needed for use by an 
AI. 

Data Architecture and Infrastructure (Build or Buy): Determining where 
and how your AI workloads will run is an important technical decision. You 
need to ensure you have the infrastructure to handle the computing needs 
of model training and inference. There are two broad approaches: buying 
existing cloud-based AI services provided by a vendor or building on-premise 
infrastructure (or a hybrid of the two). Each has pros and cons. Buying AI 
(such as ServiceNow’s own AI capabilities) offers scalability, ease of use, and 
integration with your ServiceNow instance (which itself is cloud-based). For 
example, ServiceNow’s Now Platform and Now Assist features allow you to 
consume AI functionality without managing servers, since ServiceNow handles 
it behind the scenes. Using vendor-provided AI services can accelerate 
development and simplify maintenance, but you must be comfortable with 
data being processed in the cloud and ensure compliance with any data 
residency or privacy requirements. On the other hand, building your own 
infrastructure gives you more direct control. Some organizations, due to strict 
security or latency needs, opt to host AI models on-premises or in a private 
cloud adjacent to ServiceNow, using APIs to connect. This can be viable if you 
have the IT capacity, but keep in mind it may require substantial 
hardware/GPU investment and ongoing support. 



 
 

In many cases, a hybrid approach works: keep sensitive data processing in 
your private infrastructure while using vendor services for less sensitive AI 
tasks, or create a proof-of-concept (POC) in vendor solutions then deploy 
models on private infrastructure if needed. Whichever path you choose, 
assess your current IT ecosystem’s capability to support AI 
integration. Ensure that your network, servers, and software can handle the 
data flows and compute loads. For example, if you’re integrating a private AI 
service with ServiceNow, you might need to configure mid-servers or ensure 
API connectivity and bandwidth. If using your own GPUs for model inference, 
verify that ServiceNow can call those models via integration and that latency 
is acceptable. Making these decisions early will shape your project’s technical 
plan (and budget). It’s often wise to start with vendor-provided AI tools (for 
rapid experimentation) and only consider self-hosted deployments if specific 
requirements demand it. 

Security, Governance, and Compliance Considerations: Any data-driven 
project must account for security and compliance, and AI is no exception. In 
fact, AI systems can introduce additional considerations, such as how to 
govern automated decisions and ensure they meet regulatory standards. 
When preparing your data and environment for AI, always adhere to your 
organization’s data protection policies and relevant laws. Personal data and 
sensitive information should be identified and protected. Techniques 
like PII data masking and encryption are vital. For example, if training an 
AI model on ServiceNow HR cases or customer incidents, you may need to 
anonymize names or other identifiers (masking them so the AI doesn’t learn 
sensitive personal info). Data should be encrypted both at rest and in transit, 
especially if it’s moving between your systems and an AI cloud service. 
Implement role-based access controls so that only authorized team 
members or systems can access the AI training data and outputs, preventing 
leakage of confidential data. 

It’s also crucial to integrate compliance checks into your AI readiness. If 
you operate under regulations like GDPR in the EU, ensure that using data for 
AI is permissible and that individuals’ rights (to consent, erasure, etc.) are 
respected. If your AI will make decisions that affect customers (for example, 
an AI approving or denying a request), be mindful of emerging AI regulations 
such as the EU AI Act which classifies certain AI uses as high-risk requiring 
strict oversight. Align your approach with your organization’s existing 
governance frameworks instead of inventing new ones from scratch. Many 



 
 

companies have data governance committees or risk management processes; 
plug your AI project into those. For example, you might formally present your 
AI use case to a governance board to evaluate ethical and compliance 
implications before building it. 

Ensuring High-Quality, Bias-Free Data: A special aspect of data readiness 
is addressing potential bias. AI models learn from historical data. If that data 
contains biased patterns, the AI can unintentionally perpetuate or even 
amplify those biases. To implement AI responsibly, proactively evaluate 
your data for bias and representativeness. This might mean checking if 
certain groups or categories are under-represented or if past decisions (which 
become training labels) were influenced by biased practices. For example, if 
building an AI model to prioritize IT tickets, ensure it doesn’t learn to de-
prioritize certain departments or locations unjustly due to historical bias. 
Techniques to mitigate bias include balancing the training dataset (so all key 
groups are fairly represented), and explicitly removing or anonymizing 
attributes (like gender or race, if not relevant to the task) from the training 
data. It’s also important to have domain experts review AI outcomes during 
testing to catch any biased or odd results. As part of risk management, 
thoroughly test each AI model for reliability and fairness before full 
deployment, ensuring the outputs are unbiased and align with 
business intent. Many organizations adopt a “human-in-the-loop” approach 
here meaning humans review a sample of AI decisions to verify they are 
reasonable and equitable. Addressing data bias at the outset not only protects 
against ethical and legal issues, but also leads to more accurate and 
trustworthy AI results. 

By the end of this phase, you should have: (1) all required data identified, 
cleansed, and accessible; (2) the technical environment (buy vs. build) 
prepared for development; and (3) governance measures in place to handle 
security, privacy, and ethical risks. With these foundations solidly built, you 
can proceed to actually developing and executing your AI projects with 
confidence that the groundwork is ready. 

 

Chapter 3: Executing AI Projects 
Execution is where your AI strategy and data preparations turn into tangible 
solutions. This chapter covers best practices for managing AI projects through 



 
 

development and testing. AI development can be complex and exploratory, 
so applying effective project management (often an agile approach) is key. 
We will discuss organizing cross-functional teams, using iterative prototyping, 
testing model outputs, and refining the AI solution. The goal is to deliver a 
working AI that meets the business objectives, on time and within scope. 

Project Management and Team Structure: One of the first steps in 
execution is setting up the right project team and workflow. AI 
implementations work best with a cross-functional team that includes data 
scientists, platform developers (e.g. ServiceNow developers), IT infrastructure 
specialists, and business representatives (individuals may often wear multiple 
hats). All these roles need to collaborate closely, as AI projects span 
technology and business process. Ensure everyone on the team understands 
the high-level goal and their specific responsibilities. It’s beneficial to educate 
all stakeholders on basic AI concepts and responsible AI principles so that 
the whole team is on the same page. For example, business users should know 
what AI can and cannot do, and technical staff should understand the business 
context deeply. 

When it comes to managing the work, traditional linear project methods often 
fall short because AI projects involve experimentation. An agile, iterative 
methodology is generally more effective. Break the project into smaller 
sprints or phases with defined deliverables (similar to software development 
sprints). Early in the project, aim to produce a proof-of-concept AI solution 
quickly, even if it’s not perfect. This POC (perhaps a simple use case built on 
a subset of data) can be shown to stakeholders to gather feedback and 
validate the approach. An iterative approach allows the team to refine 
requirements continuously. For example, you might find during development 
that the data needs additional fields, or that the problem is more complex 
than thought. With agile, you can adjust in the next sprint. It’s important to 
remember that AI projects are fundamentally different from typical app 
dev projects: success is less about writing lots of code and more about 
effectively leveraging data. So the project plan should allocate significant time 
for data exploration, prompt engineering, and model training etc. 

Given the exploratory nature, communicate progress and setbacks 
transparently to stakeholders. Manage expectations that not every experiment 
will succeed, some AI approaches might be dropped if they don’t yield good 
results. By using short development cycles with demos at the end of each, 
you keep sponsors engaged and can pivot based on feedback or new insights. 



 
 

Collaboration between IT and business units is also essential during 
execution. The business stakeholders on the team (or a designated Product 
Owner role) should frequently evaluate whether the AI’s outputs would make 
sense in real operational use. For example, if developing a summarization 
model in ServiceNow, have a business user review some summaries: Are they 
logical? Would they act on these recommendations? Their input can guide the 
development team on adjusting the prompt or other training features. 
Meanwhile, ServiceNow platform developers ensure the AI can integrate with 
workflows (for example, by advising on or building the scripts/Flow Designer 
actions to call the AI model and handle its responses). Regular meetings 
between the data science team and platform development team help to iron 
out integration points early. 

Agile Development Steps for AI: A possible execution workflow could look 
like this: 

1. Design Phase (Sprint 0): Reconfirm requirements from Chapter 1. 
Define acceptance criteria for the AI (e.g. “The model must summarize 
at least 80% of tickets correctly”). Set up development environment and 
tools (e.g. a sandbox ServiceNow instance). 

2. POC and Iterate: In early sprints, focus on building a minimal viable 
use case end-to-end. For example, train a basic skill in ServiceNow using 
default settings. Quickly test it on sample data. This end-to-end skeleton 
validates that the skill works. Then iterate to improve the performance. 
Keep these iterations time-boxed, it’s easy to get lost optimizing an AI 
skill endlessly. Instead, incrementally improve towards the success 
criteria. 

3. Testing AI Models and Evaluating Outputs: Testing for AI solutions 
has an extra dimension beyond normal software testing. In addition to 
functional tests (does it run, integrate, etc.), you must evaluate the 
quality of the AI’s decisions or predictions. This involves measuring the 
model on a validation dataset or in a pilot phase. Define evaluation 
metrics that align with the project’s goals. Common metrics include 
accuracy or error rate, precision/recall, mean error (for predictions), or 
user satisfaction ratings for AI suggestions. For example, if your AI 
creates a summary of a conversation between an agent and an end-
user, what percentage does it get right? Also leverage built-in feedback 
mechanisms. ServiceNow’s Now Assist features, for example, allow 



 
 

users to give a thumbs-up or thumbs-down on AI recommendations. 
Monitor these signals to gauge real-world accuracy. Apart from 
accuracy, track error/exception rates (how often does the AI fail to 
produce an answer or encounter an error). High error rates can hurt 
user trust; one guideline suggests if error counts exceed even 5%, it 
can significantly impact adoption. Also measure 
latency/performance: how long does the AI take to deliver an output? 
If responses are too slow, users might abandon the AI feature. Every 
second of delay in an AI response can erode the perceived value, so 
optimize for speed where possible. During testing, you might discover 
that a smaller or more efficient model meets requirements with far less 
lag, which is a valuable insight. Finally, evaluate the impact on 
business workflow metrics once the AI is trialed in practice. For 
example, during a pilot, did the AI actually reduce resolution time or 
improve customer satisfaction as expected? It’s best practice to include 
such value metrics on the same dashboard that monitors AI 
usage, so you can correlate adoption with outcomes. If the AI is not 
moving the needle on the intended business KPIs, it may need rework 
or perhaps the use case needs revisiting. 

4. Iterative Refinement and User Feedback: Incorporate feedback 
loops where business users or test users interact with the AI and provide 
qualitative feedback. Perhaps a small group of service desk agents tries 
the AI summarization for a week and then shares their experience: Were 
the suggestions helpful? This feedback is gold for improving the solution. 
Keep refining the solution until it meets the defined acceptance criteria. 

Throughout execution, maintain a strong focus on collaboration. The 
project should not be isolated within business teams or within IT, it’s a joint 
effort. Encourage open communication: the ServiceNow Platform Owner and 
development team should guide on how best to implement the AI within the 
ServiceNow platform’s architecture, the Data/AI Steward ensures data 
governance policies are respected during development (e.g. no exporting of 
sensitive data out of environment without approval), and business process 
owners continuously validate that the AI output will actually drive the intended 
process improvements. This multi-disciplinary teamwork is essential to avoid 
situations like technically accurate solutions that are impractical, or great 
solutions that can’t be deployed due to platform constraints. 



 
 

Ensuring Responsible AI Practices: As you execute, keep ethical and 
responsible AI considerations in check. We discussed bias in data in Chapter 
2; during model development, remain vigilant for biased outcomes or 
unintended consequences. If you notice the model making systematically 
biased errors (e.g., always misclassifying a certain category of request), 
investigate and address it. Document the decisions the AI is making and why, 
to the extent possible, this transparency will help later when explaining the AI 
to users or auditors. It’s also wise to set up a review or approval step before 
moving the AI solution to production. Many organizations institute an AI 
review board or require sign-off from risk management teams for new AI 
deployments. This can include checking that testing was thorough and that 
there are mitigation plans for failures. While this might sound cumbersome, it 
can save you from deploying an AI that behaves unexpectedly in production. 

By the end of the execution phase, you should have a working AI solution that 
has been tested for accuracy, reliability, and business fit. You’ll have a clear 
understanding of the model’s performance and limitations, and confidence 
that it meets the project goals defined in your strategy. The next step is to 
deploy and integrate this AI into real-world use within your organization, 
which we will cover in the following chapter. 

 

Chapter 4: Deployment and Integration 
Deploying an AI solution is a critical turning point – it’s when your solution 
moves from testing into the live business environment. This chapter provides 
guidance on integrating AI into existing systems and workflows (particularly 
in a ServiceNow context), driving user adoption, and managing the 
organizational change that comes with new AI capabilities. We’ll also touch on 
initial monitoring practices right after go-live to ensure a smooth rollout. 

Integrating AI with Existing Systems and Workflows: A common 
mistake is treating an AI solution as an island; in reality, its value comes from 
how well it plugs into your business processes. During deployment, the AI 
should be seamlessly integrated into the tools and workflows 
employees already use. In the case of ServiceNow, this might mean 
embedding AI recommendations directly within the ServiceNow interface 
where users perform their tasks. For example, if you developed an AI solution 
to provide a change risk recommendation, integrate it in the appropriate place 



 
 

on the change form. Leverage ServiceNow’s capabilities like Flow Designer, 
IntegrationHub, or script includes to connect to your AI model if it’s hosted 
externally. Often, AI models can be deployed as REST endpoints or using 
ServiceNow’s native AI framework (if you used ServiceNow Predictive 
Intelligence or Now Assist, the integration is within the platform). Ensure the 
AI system has access to necessary data in real time this might involve 
setting up API calls, data pipelines, or plugin configurations so that, for 
example, the AI can retrieve the latest knowledge base articles or customer 
records when it generates an answer. 

It’s wise to perform a technical dry run in a sub-production environment. 
Double-check that all moving parts communicate properly: the existing 
platform, the AI model, and any intermediary components. Pay 
attention to error handling; for example, decide what happens if the AI service 
is unavailable or returns a low-confidence result. The user experience should 
be designed such that the workflow doesn’t break. A best practice is to have 
fallback mechanisms: if AI fails, default back to the standard process so users 
can continue their work. During integration testing, involve end-users to 
validate that the AI outputs integrate logically. Do the AI-driven fields or 
recommendations show up in the right context? Are they updated at 
appropriate times in the workflow? Such feedback ensures the AI truly 
becomes a helpful assistant rather than a disruptor. 

Ensuring Seamless AI Adoption by Employees: Even the best AI solution 
can falter if users resist using it. Change management is therefore a huge 
part of AI deployment. Employees might be wary of AI or unsure how to 
interact with it, so it’s important to proactively facilitate adoption. Start by 
clearly communicating the purpose and benefits of the new AI tool. For 
example, explain to service desk agents: “The AI summarization feature is 
here to help you by pre-filling fields, saving you time on each ticket so you 
can focus on complex issues.” When users understand WIIFM (“what’s in it for 
me”), they’re more likely to welcome the change. 

It often helps to identify and empower AI champions within each user group. 
These are tech-savvy or enthusiastic users who can lead by example and 
advocate the AI solution to their peers. If, say, one support agent on each 
team becomes proficient with the new AI-assisted process and shares success 
stories (“this morning I resolved an issue in 2 minutes thanks to the AI 
suggestion!”), it builds positive buzz. Organize training sessions or demos for 
end-users to get hands-on experience. Even if your AI solution is designed to 



 
 

be intuitive, training can accelerate adoption and correct any misconceptions. 
Show users how to interpret the AI’s outputs. For example, if a confidence 
score or explanation is provided, explain what it means. According to best 
practices, consider providing office hours or a help channel in the initial 
weeks after deployment. Users can drop in with questions or difficulties and 
get one-on-one support. 

Additionally, incorporate the new AI usage into standard operating 
procedures. Update any relevant documentation or process guides to include 
the AI-assisted steps. If previously an employee did X, Y, Z manually, the 
guide should now say “Step 2: review the AI’s recommendation and accept or 
adjust it.” This normalizes the AI as part of the workflow. Keep an FAQ 
document for the AI tool, addressing common queries or issues (e.g. “What 
do I do if the AI suggestion is wrong?”) and share it with users. Some 
organizations even create short video demos or quick reference cards to lower 
the learning curve. 

Change Management Strategies to Reduce Resistance: People naturally 
resist change, especially when it involves new technology that might be 
perceived as threatening jobs or adding complexity. To minimize resistance 
and build buy-in, follow a structured change management approach: 

• Engage Stakeholders Early: As mentioned in Chapter 1, involve end-
users in the development/pilot phase. When people feel they had input 
in shaping the solution, they are more likely to embrace it. Those 
involved users can become change ambassadors. 

• Communicate Transparently and Positively: Before deployment, 
communicate to all affected staff about what is coming and why. 
Emphasize that the AI is meant to augment their work, not evaluate or 
replace them. For example, stress that “this AI will handle the tedious 
parts of the task, freeing you up for more meaningful work.” Address 
fears openly, if people worry about automation, clarify the scope of what 
the AI will and won’t do. 

• Provide Training & Resources: Ensure every user knows how to use 
the new AI capability. Offer multiple training formats (live demo, written 
guide, short video) to accommodate different learning styles. As noted, 
keep support channels open (helpdesk, office hours, internal chat 
channel) for questions as users get used to the AI. 



 
 

• Pilot and Showcase Successes: If possible, do a phased rollout. Start 
with a pilot group of users or a subset of transactions. Gather feedback 
and results, then showcase the successes. Share concrete examples, 
like “In the pilot, the AI virtual agent resolved 30% of inquiries without 
escalation, saving the team 10 hours per week”. Success stories from 
within the organization build confidence among others. 

• Feedback Loop: Treat deployment not as the end but the start of a 
new phase. Solicit feedback actively after rollout (surveys, focus 
groups). Let users know their input will lead to improvements. Then 
actually follow through. If users say the AI’s interface is confusing, refine 
it quickly. When employees see their feedback being acted on, they feel 
valued and more supportive of the change. 

These strategies mirror general change management best practices, but are 
especially important for AI projects where trust in the system is crucial. 
Ultimately, successful adoption comes from making users feel confident and 
comfortable with the AI, and by demonstrating that it genuinely helps them 
in their jobs. 

Post-Deployment Monitoring and Support: As you integrate the AI into 
production, set up mechanisms to monitor its performance and usage 
from day one. This could be as simple as tracking how often the AI feature 
is used and whether it’s producing the expected outputs. For example, monitor 
the number of tickets summarized by AI each day, and how many times users 
accept vs. override the AI suggestion. ServiceNow provides dashboards that 
include KPIs and widgets to monitor AI adoption. Use these to get an early 
sense of user engagement. If adoption is lower than anticipated, investigate 
why. Are users not finding the AI helpful, or do they need more 
awareness/training? Also keep an eye on the quality of outcomes. In the initial 
period after deployment, it’s a good idea to have a heightened support 
structure: perhaps the project team meets daily or weekly to review metrics 
and any incidents related to the AI system. Treat it like a hyper-care phase 
where any issue (be it a technical error or a user complaint) is addressed 
promptly. 

From an IT perspective, ensure your incident management process is ready 
to handle anything the new AI integration might throw up. If users report 
incorrect AI behavior, is there a clear path for them to report it (like a specific 
feedback form or create a ticket to the AI support team)? Putting these 



 
 

supports in place will help maintain trust. Users will be more forgiving of a 
new AI’s hiccups if they know the team is responsive in fixing them. 

In summary, deployment and integration is about making AI a part of 
business-as-usual. By thoughtfully weaving the AI into existing workflows, 
supporting your users through the transition, and closely monitoring the go-
live, you ensure that the AI solution doesn’t just work technically, but is 
actually embraced and used to its full potential. Once the AI is deployed and 
stable, the journey continues – the next chapter will discuss how to scale up 
and continuously improve your AI implementations across the business. 

 

Chapter 5: Scaling and Continuous 
Improvement 
Congratulations, you’ve deployed your first AI project. But the AI journey 
doesn’t end at go-live; in many ways, it’s just beginning. This chapter focuses 
on what comes next: how to scale successful AI solutions beyond the initial 
use case, how to continuously improve and optimize AI performance, and how 
to establish governance for long-term, responsible AI usage. We’ll also look at 
emerging trends and how to future-proof your AI strategy so your business 
can stay ahead of the curve. 

Scaling AI Solutions Enterprise-Wide: Many organizations start with an AI 
pilot or a small-scale implementation in one department. Once that proves its 
value, the question becomes how to expand AI to other areas and business-
wide adoption. Scaling can mean increasing the scope of the current solution 
(e.g. expanding an AI chatbot from IT support to HR and customer support) 
and/or deploying additional AI use cases across different business units. To 
scale effectively, treat your initial successes as templates. Document the 
process, technical architecture, and lessons learned from the first project. This 
can become a repeatable AI implementation roadmap for subsequent 
projects. One recommended practice is to build a value-driven roadmap for 
AI adoption. Identify a pipeline of AI initiatives, prioritized by impact and 
feasibility, and plan their execution over time so that each builds on the 
success of prior ones. 

As you scale, ensure that infrastructure and resources scale accordingly. 
For example, if you go from one AI model making 100 predictions a day to 



 
 

ten models making thousands of predictions, reassess if your data pipelines, 
API throughput, and hardware can handle the load. You might need to refactor 
some pipelines for efficiency or invest in more robust AI platforms. Also, the 
team structure may evolve, you might establish a centralized AI Centre of 
Excellence that provides expertise and tools to multiple projects, while 
individual business units handle the domain specifics. This hybrid model can 
prevent silos and duplication of effort as AI expands across the enterprise. 

A crucial element of scaling is change management at scale. Each new 
deployment will affect a new group of stakeholders, so don’t skip the user 
adoption efforts we discussed in Chapter 4. Over time, aim to build an AI-
friendly culture in the organization. When employees see multiple AI tools 
being introduced successfully and benefiting them, acceptance grows. 
Highlight the successes organization-wide. For example, after a few projects, 
you might circulate a report or hold a town hall showcasing how AI has, say, 
saved a cumulative X FTE-hours and improved customer satisfaction by Y% 
across the company. This creates momentum and interest for AI in 
departments that haven’t tried it yet. 

One strategy for scaling is to use a phased approach: first, industrialize the 
initial AI solution (make sure it’s robust, documented, and can be managed 
operationally), then expand usage incrementally. Take the chatbot 
example: after IT and HR, maybe add one department at a time, learning and 
adjusting as you go. Or if scaling geographically, roll out to one region, then 
the next. This controlled scale-out ensures you can support growth without 
overwhelming the support structure or risking quality drop-offs. 

It’s also wise to continuously qualify new AI use cases and align them 
with strategic direction as you scale. Just because you have a hammer (a 
working AI team and platform) doesn’t mean every problem is a nail. Maintain 
the discipline from Chapter 1: prioritize AI projects that have clear value. 
Regularly revisit your AI strategy roadmap – perhaps in quarterly strategy 
sessions – to assess which new opportunities have arisen and which to pursue 
next. A living roadmap keeps the AI program coherent as it grows, rather than 
a scattershot of isolated projects. 

Continuous Optimization and Improvement: Once AI systems are in 
production, they should be continuously monitored and refined. AI 
performance can drift over time, data patterns change, user behavior adapts 
(especially as they interact with AI), and new data becomes available. It’s 



 
 

important to establish a process for ongoing monitoring and maintenance 
of AI solutions. This includes tracking the same metrics we discussed earlier 
(accuracy, error rates, latency, usage, etc.) on an ongoing basis. Set up 
dashboards that operations teams or the AI Centre of Excellence can review 
regularly. If you notice, for example, that an AI’s accuracy has been dropping 
month over month, investigate the cause. It could be that the nature of 
incoming requests changed, and the solution is no longer fully fit for purpose. 

If you’re using your own model, have a plan for model retraining or tuning 
at appropriate intervals. Many organizations schedule periodic model 
refreshes – say retrain the model every quarter with the latest data, or even 
automate continuous learning if feasible. In ServiceNow, you might schedule 
regular trainings using new incident data so the model stays up-to-date. 
Always test retrained models on a validation set to ensure performance is 
improving and not degrading before deploying the new version. 

Additionally, consider optimization of the AI solution beyond the core model. 
Could the integration be made faster or more user-friendly? Maybe after 
observing usage, you find that users only click the AI recommendation 40% 
of the time, why not 80%? Investigate user feedback to find if there’s 
something that can be improved (perhaps the AI suggestion needs better 
explainability to increase trust). Collect user feedback on AI outputs 
continuously. For example, through the thumbs-up/down or a short survey 
after AI-assisted interactions, and use that to guide improvements. This is 
similar to a continuous improvement loop in traditional process improvement, 
but applied to AI behavior and integration. 

For generative AI or any AI that involves dynamic outputs (like an AI writing 
responses or making decisions), implement a review mechanism to catch 
issues and fine-tune prompts or rules. ServiceNow’s generative AI (Now 
Assist) skills, for example, could be optimized by adjusting the prompt 
engineering based on what we learn about the responses. 

Governance Frameworks for Responsible AI Use: As AI capabilities 
spread through the organization, governance becomes even more crucial to 
manage risks and ensure ethical use. This is the time to formalize an AI 
governance framework if you haven’t already. Governance for AI typically 
covers aspects like: oversight structure (who reviews/approves AI 
deployments), policies for ethical use and compliance, guidelines for model 
validation and monitoring, and handling of incidents (e.g. how to respond if 



 
 

an AI makes a serious error). Your framework should align with corporate 
values and external regulations. It might involve setting up an AI committee 
or assigning clear responsibilities. For example, requiring that roles and 
responsibilities for AI governance and security are defined for each 
project. 

Many organizations extend existing IT governance to cover AI. If you have 
data governance and model risk management in place, integrate your 
ServiceNow AI initiatives into that. One recommended approach is proactive 
and reactive governance: put controls in place before AI is deployed 
(proactive) and have processes to monitor and address issues after 
deployment (reactive). Proactive measures include the checklists and approval 
steps we discussed. Ensuring data privacy, fairness checks, transparency, and 
getting approval from a governance board before launching an AI that could 
impact customers or employees. Reactive measures include ongoing auditing 
and an “AI control tower” where you track all AI systems in production for 
compliance, drift, or anomalies. ServiceNow has introduced an AI 
Governance workspace (“Now Assist Guardian”) for monitoring AI decisions 
and managing risk over time, reflecting how important this is becoming. 

Your governance framework should also explicitly address responsible AI 
principles: such as transparency (can we explain how the AI is making 
decisions?), accountability (who is accountable if the AI makes a mistake?), 
fairness (have we mitigated bias?), and privacy (are we protecting personal 
data?). By establishing policies around these and training your teams on them, 
you create a culture of responsible AI development. For example, a policy 
might be: any AI that impacts hiring or promotions decisions must be reviewed 
for bias by the HR and compliance department before deployment. Or: 
sensitive customer data should never be used in AI without anonymization. 
Having these guardrails in place will protect the organization and its 
stakeholders as AI usage grows. 

Finally, ensure to stay current with regulatory developments. Laws around 
AI are evolving (e.g. the EU AI Act, various national AI regulations). Make 
someone responsible for tracking this and assessing which of your AI use 
cases might fall under “high risk” categories that need special care. It’s easier 
to design compliance in from the start than to retrofit it later. 

Tracking Performance and Value Metrics: To justify scaling AI across the 
organization, continually demonstrate its value. Develop a set of AI 



 
 

performance metrics or KPIs that show the aggregate impact of AI on the 
business. This could be total hours saved, cost savings, revenue uplift, 
productivity gains, reduction in errors, or improvements in customer 
satisfaction attributable to AI interventions. For example, track how much 
faster ticket resolution is after introducing AI across all departments, or how 
many cases the AI virtual agent handles without human intervention. These 
metrics help in two ways: (1) They provide feedback to improve existing AI 
solutions (if one area isn’t seeing expected benefits). (2) They serve as 
powerful evidence to leadership of AI’s ROI, securing ongoing support and 
funding. 

It’s also valuable to integrate AI performance metrics into your normal 
business reporting. If your COO reviews quarterly operational metrics, include 
a section on AI contributions. This normalizes AI as a key component of 
strategy (rather than a side experiment) and ensures continuous executive 
attention. Some organizations even appoint AI product managers or 
owners for major AI systems, who are responsible for monitoring and 
maximizing the value of those systems over time, similar to how you’d 
manage any important product or service. 

Staying Ahead of Emerging AI Trends: The AI field moves rapidly. What 
is cutting-edge today (like generative AI and large language models) can 
become standard tomorrow, and new breakthroughs will emerge (e.g., 
advancements in AI agents). Businesses should keep an eye on the horizon 
to maintain competitive advantage. Dedicate some time for R&D or innovation 
pilots with newer AI tech. For example, if you have mostly used traditional 
machine learning so far, you might explore how the latest generative AI (like 
GPT-style models) could open new use cases in your ServiceNow environment, 
perhaps automatically generating knowledge base articles or offering 
conversational experiences. ServiceNow itself is continually evolving its AI 
offerings. Ensure you leverage such platform enhancements when they align 
with your needs, as they can significantly reduce the effort to implement 
certain AI capabilities. 

Encourage your AI team members to engage in the AI community by attending 
conferences, participating in ServiceNow user groups on AI, and reading 
relevant research or industry reports. Creating a culture of continuous learning 
in your organization will help you spot opportunities to apply new techniques. 
For example, as foundation models get more powerful and handle more 
modalities (text, images, etc.), you might find new use cases that weren’t 



 
 

possible before and should be enabled in your roadmap. Being aware of 
these possibilities early allows you to plan ahead. 

Also keep evaluating the tooling and platforms you use. There is a growing 
ecosystem of AI tools and you need to make sure you have clear line of sight 
of you Minimum Viable Technology Stack so you’re limiting tech sprawl and 
retaining absolute control. 

In essence, treat AI implementation as a continuous journey. After each 
deployment, circle back to the strategy: refine your approach, update 
standards, and then expand further. Use a formal continuous improvement 
cycle for your AI processes, just as you would for any critical business 
process. Monitor performance, get feedback, improve the system, and plan 
the next set of enhancements or new use cases. By iterating in this way, your 
AI solutions will not stagnate; they’ll evolve along with your business needs 
and technological advancements. 

Governance and Responsible Scaling: As a concluding point on scaling, 
remember that more AI comes with more responsibility. Be prepared to 
answer questions from executives or regulators like: “How do we ensure our 
use of AI is controlled and not posing undue risk?” Having that governance 
framework and regular audits in place will give confidence. Some 
organizations implement an AI registry, a centralized inventory of all AI 
solutions in production, with details on their purpose, data they’ve been 
exposed to, owner, etc. This is a good practice as you scale, to maintain 
visibility. It also assists in governance checks (for example, quickly identify 
which solutions use personal data if a new privacy rule comes out). 

In summary, scaling AI is about moving from one-off projects to an AI-
powered organization. It requires keeping the momentum, 
institutionalizing what works, and rigorously managing what you build. With 
continuous improvement loops, strong governance, and an eye on future 
trends, your organization can steadily increase its AI maturity – reaping more 
benefits while controlling risks. The companies that succeed with AI at scale 
are those that treat it as an ongoing capability to be nurtured, rather than a 
one-time implementation. 

 

 

 



 
 

 

Conclusion 
The journey from AI strategy to execution is both challenging and rewarding. 
Let’s recap the key takeaways and action steps from this guide: 

• Start with Strategy: Don’t jump into AI without a plan. Begin by 
identifying high-value use cases that align with business goals and solve 
real problems. Secure executive sponsorship early and define clear 
success metrics. Use templates or project charters to articulate the 
objectives, scope, and ROI of each AI initiative upfront. A strong 
strategic foundation sets the direction for everything that follows. 

• Prepare Your Data and Technology: Assess data readiness 
thoroughly – inventory your data sources, ensure quality and 
accessibility, and address gaps or biases beforehand. Decide on the right 
infrastructure (buy vs build) for your AI needs, considering scalability, 
integration with ServiceNow, and compliance. Put in place robust 
security and governance measures: protect sensitive data with 
masking/encryption, and make sure your AI plans comply with 
regulations and ethical standards from day one. 

• Execute with Iteration and Collaboration: Manage AI projects using 
an agile approach. Build cross-functional teams that include business 
users, IT, and data specialists working in sync. Develop POCs quickly 
and iterate based on feedback. Rigorously test your AI solutions for 
accuracy, performance, and unintended biases before full deployment. 
Keep business stakeholders involved to ensure the AI outputs truly meet 
their needs and integrate with workflows. 

• Integrate and Drive Adoption: Deployment is not just a technical 
rollout – it’s an organizational change. Integrate the AI solution 
seamlessly into existing systems (like embedding into ServiceNow 
workflows) so that using it is a natural part of the process. Invest heavily 
in change management: train users, communicate benefits, and support 
them through the transition. Use strategies like change champions, 
success story sharing, and accessible help (office hours, FAQs) to 
encourage adoption. Monitor early usage and be ready to address issues 
and incorporate user feedback quickly. 



 
 

• Scale and Sustain: Once you have a successful AI solution, leverage 
that momentum to expand. Develop an AI roadmap to roll out additional 
use cases or broaden the solution’s scope, always aligning new projects 
with business priorities. Continuously monitor your AI systems in 
production. Track their performance, measure value delivered, and tune 
solutions to keep them optimized. Establish an AI governance 
framework to oversee all AI initiatives, ensuring they remain reliable, 
unbiased, and compliant as they scale. Keep refining your approach 
and stay informed about emerging AI trends and platform 
enhancements (like new ServiceNow AI features) so you can proactively 
incorporate them and stay ahead of the curve. 

As you proceed on your AI implementation journey, remember that this is a 
cycle of learning and improvement. Start with manageable projects, 
demonstrate value, and gradually tackle more ambitious transformations. 
Each phase - strategy, data prep, execution, deployment, scaling - feeds into 
the next. By following the structured approach outlined in this guide, you 
create a strong chance of success at every step. 

Finally, you don’t have to go it alone. Crossfuze can support your AI 
implementation every step of the way. As an Elite ServiceNow partner 
with deep expertise in AI, Crossfuze helps organizations turn their AI 
ambitions into reality. At Crossfuze, we believe AI must be a strategic enabler 
that drives meaningful business outcomes, not just automation for its own 
sake. Our team guides you through the AI journey “from inception to 
optimization”, ensuring each phase is built on scalable, measurable 
foundations. We offer tailored frameworks like the AI Compass (for AI 
strategy and roadmap development) and AI Transformational Readiness 
(to prepare your data, governance, and organization for AI). Whether you are 
just defining your AI strategy or looking to expand and fine-tune your AI 
solutions, Crossfuze brings the strategic insight, technical know-how, and 
ServiceNow platform expertise to accelerate your success. 

Call to Action: If your business is ready to harness the power of AI, now is 
the time to act. Assemble your stakeholders and start outlining that first high-
impact use case. Use the guidance in this e-book to create a solid plan and 
avoid common pitfalls. Pilot a solution, learn from it, and then scale up. AI 
implementation is a journey, take the first step by turning your strategy into 
action. And remember, partners like Crossfuze are here to help you navigate 
from strategy all the way through execution and beyond. By taking a 



 
 

structured, thoughtful approach, you can transform your operations with AI 
and gain a competitive edge in the era of intelligent business workflows. Good 
luck on your AI implementation journey, we can’t wait to see what you 
achieve. 
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AI Project Goals Template 
This template helps clearly define the goals, scope, and success criteria for 
your AI project. Complete this template for each proposed AI use case to 
ensure alignment, clarity, and measurable outcomes. 

 

Use Case Overview 
Use Case Name: 
(Provide a descriptive name for the AI solution and specify the business 
process or problem it addresses.) 

 

Business Problem & Objective 
Brief Description of the Problem: 
(Clearly state the business problem the AI will solve. For example, "High 
volume of Tier-1 IT tickets leads to slow response times.") 

 

Business Objective: 
(State the specific business goal you aim to achieve. Example: "Resolve 
50% of Tier-1 issues using AI to improve productivity.") 

 

Scope and Constraints 
Data Required: 
(List the specific data sources and fields needed for this AI use case.) 

 

Initial Scope: 



 
 

(Specify departments, teams, or user groups initially impacted by this AI.) 

 

Constraints: 
(Identify any technical limitations, regulatory requirements, or ethical 
considerations.) 

 

Stakeholders & Team 
Executive Sponsor: 
(Who will champion and support the project at an executive level?) 

 

Project Lead: 
(Who will manage and drive the project on a day-to-day basis?) 

 

Key Team Members: 
(List key roles such as ServiceNow Developer, Data Scientist, Process 
Owner, IT specialist.) 

 

End-Users or Impacted Segments: 
(Identify the main users or customer groups that the AI will impact.) 

 

 

 

 



 
 

Timeline & Milestones 
Phase Target Completion 

Date 
Notes / Details 

Design Phase   
Proof of Concept   
Pilot Testing   
Full Rollout   

 

Success Metrics 
Define clear and measurable metrics linked directly to your business 
objectives: 

• Metric 1: (e.g., "Average resolution time reduced from 4 hours to 
1 hour") 

• Metric 2: (e.g., "Customer satisfaction (CSAT) +10% after AI 
deployment") 

• Metric 3: (Other quantifiable KPI relevant to your objectives) 



 
 

Readiness Checklist 
Use this checklist to assess your organization’s readiness for planned AI 
initiatives. Complete each section by answering the following key questions. 

Data Readiness 
Data Accessibility: All necessary data sources are identified and access 
permissions are in place (internal databases, cloud storage, etc.). 

Data Quality: Data is clean, accurate, and up-to-date - avoiding the 
“garbage in, garbage out” pitfall. 

Data Volume & Relevance: Sufficient quantity and coverage of data exist 
to support the AI model’s needs (consider diversity and representativeness). 

Data Governance: Policies for data privacy and security are implemented. 
Sensitive data is protected and compliance requirements (e.g. GDPR) are 
met. 

Vendor Data Requirements: Data is prepared in the format and structure 
required by the vendor’s AI model (ensuring smooth ingestion or 
integration). 

 

Integration Readiness 
IT Infrastructure: Systems can support the AI model (appropriate 
hardware, cloud environment, or network capacity is in place and tested). 

Systems Integration Plan: Clear plan for how the AI model will integrate 
with existing software/workflows (APIs, connectors, or middleware 
identified). 

Technical Environment: Development/test environments are set up to 
safely trial the AI integration before full deployment. 

Security & Access Control: Credentials (API keys, tokens) for the vendor 
AI are secured, and access controls are configured to prevent unauthorized 
use. 



 
 

Licenses & Support: All necessary licenses or subscriptions for the vendor 
AI service are obtained, and vendor support channels are established for 
troubleshooting. 

 

Governance & Compliance Readiness 
AI Governance Framework: Roles and decision-making processes are 
defined (e.g. an AI oversight committee or responsible AI officer to monitor 
usage). 

Accountability: Clear accountability for AI outcomes is established. You 
know who reviews and signs off on the model’s decisions or 
recommendations. 

Policy Compliance: The AI use adheres to relevant laws and regulations 
(data protection, industry standards) and aligns with internal ethics 
guidelines. 

Vendor Compliance Checks: The vendor’s AI model and processes meet 
your compliance and security requirements (e.g. certifications, audit reports 
reviewed). 

Risk Management: Plans are in place for handling AI errors or biases 
(fallback procedures, human-in-the-loop oversight, and continuous risk 
assessments). 

 

Next Steps 
• Review areas where you have identified gaps. 
• Prioritize the gaps based on impact and effort. 



www.thedigitaliceberg.com

http://www.crossfuze.com/

